S3. Methodology used for analyzing the difference on modelling results when using Maxent’s default parameters and optimal parameters combination.

Software
We used three different free software packages to perform all the analyses and quantifications. The software packages and their description are the following:
1.	Maximum Entropy Modeling (MaxEnt):  Maxent is a free software package that uses a maximum entropy algorithm to predict species distribution using species presence and environmental data created by Phillips et al. (2006). Available for download from this link http://www.cs.princeton.edu/~schapire/MaxEnt.
2.	Environmental niche models tools (ENMTools): ENMtools is a set of different tools to make quantitative comparisons of niche models created by Warren et al. (2011). Some of tools included are: niche similarity testing, correlation analysis, model selection analysis. Available for download from this link http://www.danwarren.net/enmtools/builds/ENMTools_1.4.4.zip
3.	Quantum Source Geographic Information System (QGIS): QGIS is an open source Geographic Information System (GIS) created by the open source geospatial foundation (OSGeo). QGIS allows the visualization, manage, edition and analysis of geographical data. It also included a powerful tool that allows the user to compose printable maps. Available for download from this link http://www.qgis.com.
1. 
2. 
3. 
4. Raster similarity analysis (MCK): Map comparison kit (MCK) is free software tool that allows comparing a pair of raster maps in terms of their similarity; using a range of different algorithm. It includes analysis methods as Kappa, percentage of agreement and newly developed approaches as the Fuzzy Kappa statistic. The software was created by Research Institute for Knowledge Systems. Available for download from this link
http://mck.riks.nl/ downloads

Methodology
We used MaxEnt software version 3.3.3k (Phillips et al. 2006; Phillips & Dudík 2008) to model present and future potential habitat suitability of B. miersii and P. splendens. Also, we used 19 bioclimatic layers generated from the interpolation of climatic data compiled around the world with a resolution of ~1 Km2 (Hijmans et al. 2005). We aggregated species presence points to match climatic data resolution avoiding pseudo replication. 
To ensure the quality of the final habitat suitability models and to reduce potential over-parameterization (Merow et al. 2013) we performed a Pearson correlation analysis of the 19 bioclimatic variables using for that the software ENMTools version 1.4.4 (Warren et al. 2011). As suggested by previous studies (Kumar & Stohlgren 2009), all variables with correlations larger than 0.8 were evaluated to retain only those more relevant for the species ecology. 
To select the best model parameters we compared different models with a combination of the “feature class” and “regularization multiplier”. MaxEnt provides different types of restrictions (“feature class”) in the modelling stage such as lineal (L), quadratic (Q), product (P), threshold (T), and hinge (H). We used all the possible combinations of these features (12 combinations). The used regularization multiplier values were based on Warren and Seifert (2011) and Shcheglovitova & Anderson (2013): 1, 2, 5, 10, 15, and 20. Combining features classes and regularization multipliers, we assessed a total of 72 models for each case study, plus the default auto-feature.  
We compared all the generated models by utilizing the corrected Akaike information criterion (AICc) available in the software ENMTOOLS version 1.4.4 (Warren et al. 2011). The process of choosing the best model using AICc has some limitations that can have an impact on the final results. Results of simple model selection implemented by ENMTOOLS should be carefully interpreted because uncertainties of each parameter values may not be fully incorporated for calculation of AICc. AICc can excessively penalize overparametrization which can lead to choosing the wrong model (Hastie et al. 2009). Despite this fact, simulation have shown that AICc perform fairly well (Warren & Seifert 2011, Warren et al.2014). 
To generate the final model for less than 25 samples we used the bootstrapping option with a number of replications equal to the number of samples. In cases were there more than 25 samples we used a random sample of 70% of the presence points, while the 30% remaining points were used to validate the model. 
We produced three types of output maps for our analysis: (1) Logistic output maps, corresponding to the output in continuous pixel values for the entire modeled area, which were used as the input for estimating the spatial correlation between models. (2) Threshold logistic maps, corresponding to the output in continuous pixel values only for the areas with pixel values above the selected thresholds, which were used to calculate the fuzzy kappa statics using the Map Comparison Kit (MCK) based on Mestre et al. 2015. (3) Binary maps, corresponding to the areas defined as suitable and non-suitable after applying the selected threshold value, which were used to perform the area-based analyses. 

For threshold logistic and binary maps, we used the “10 percentile training presence logistic threshold” as it is among the most commonly used thresholds for creating suitability maps for species distribution with MaxEnt (Contreras-Medina et al. 2010, Vale et al. 2014). All output maps were created using the software Qgis 2.10 Pisa (www.qgis.com). For the map comparison analysis we used the “Numerical Fuzzy Kappa” analysis provided in the software Map Comparison Kit 3.2.3 (MCK) (Visser & De Nijs 2006).  
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