Accuracy
=
.

—
u

<
N

0.8 -

Accuracy

o
N

0.2 1

Accuracy

0.2 -

&
o

—— EN
—4— LASSO
-e- SMBA-CSFS

1 10 20 30 40 50 60 70 80

# features selected

(a) ALLAML (2)

o
o

—-.—-

Relief
Fisher
MRMR

MI

EN

LASSO
SMBA-CSFS

1 10 20 30 40 50 60
# features selected

70 80

(d) GLIOMA (4)

—_— L —

| *

SMBA
RFS
121
ls 121
Relief
Fisher
MRMR

MI

EN

LASSO
SMBA-CSFS

1 10 20 30 40 50 60
# features selected

70 80

(g) DLBCL (9)

Figure 1. Comparison of several TFS accuracies against SMBA and SMBA-CSFS on nine data sets, when a
varying number of features is selected. SVM classifier with 5-fold CV was used.
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Figure 2. Comparison of several CSFS accuracies against SMBA-CSFS on nine data sets, when a varying
number of features is selected. SVM classifier with 5-fold CV was used.
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Figure 3. Averaged ROC curves comparing the performance among SMBA-CSFS and TFS methods for the
classification of nine data sets on the first 20 features. SVM classifier with 5-fold CV was used.
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Figure 4. Averaged ROC curves comparing the performance among SMBA-CSFS and TFS methods for the
classification of nine data sets on the first 80 features. SVM classifier with 5-fold CV was used.
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Figure 5. Averaged ROC curves comparing the performance among SMBA-CSFES and several CSFS methods for

the classification of nine data sets on the first 20 features. SVM classifier with 5-fold CV was used.
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Figure 6. Averaged ROC curves comparing the performance among SMBA-CSFS and several CSFS methods
for the classification of nine data sets on the first 80 features. SVM classifier with 5-fold CV was used.




	cs-37517-(Supplemental_Figures)DECISION_TREE_ACCURACY_SMBA-CSFS_vs_TFS
	cs-37517-(Supplemental_Figures)DECISION_TREE_ACCURACY_SMBA-CSFS_vs_GF-CSFS
	cs-37517-(Supplemental_Figures)DECISION_TREE_ROC_#FEATS_20_SMBA-CSFS_vs_TFS
	cs-37517-(Supplemental_Figures)DECISION_TREE_ROC_#FEATS_80_SMBA-CSFS_vs_TFS
	cs-37517-(Supplemental_Figures)DECISION_TREE_ROC_#FEATS_20_SMBA-CSFS_vs_GF-CSFS
	cs-37517-(Supplemental_Figures)DECISION_TREE_ROC_#FEATS_80_SMBA-CSFS_vs_GF-CSFS



