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Fig. S4: Fold-change MSE as a function of normalization quality on simulation data.
Left column: Fold-change MSE as the function of reference set quality, measured in the fraction
of true differential genes. Right column: Fold-change MSE as a predictor of DE detection perfor-
mance. Panels (A-F) represent the relationship on homogeneous fold-change simulation, panels
(G-J) on heterogeneous fold-change simulation.
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